Bilateral Space Video Segmentation
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generates higher quality results sequences.

between pixels while still containing only local graph edges.
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Slicing

SegmentatiorM is retrieved byslicing the grid labels I.enterpolatinglabelsat the

This stage embeds eapixelin a 6Dfeature space.
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We useYUVpixelcolor, spatialandtemporal coordinatesas features, which positions of the lifted pixels in the outpiitame: ut 15
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